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Moore’s (CPU) Law: 2X /2 Yrs vs. |Huang’s (GPU) Law: 25X /5 Yrs ?

irical GPU FLOP doll Huang,s LaW @2018
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Price-Performance : GPU < CPU ‘
Double (2X) FLOP/s per Dollar g
CPU: 2.32 Yrs (Historical)

GPU: 2.46 Yrs (Avg), 2.95 Yrs (Top) E=EHEEFTHERER GPU

Source: “Trends in GPU price-performance”, 2022, https://epochai.org/blog/trends-in-gpu-price-performance
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