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310 ZFLOPs

Moore’s Law

⼈⼯智能应⽤（尤其是深度学习）
带来了爆发式的算⼒需求增⻓
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1 Microsecond-scale Preemption for Concurrent GPU-accelerated DNN Inferences. OSDI 2022.
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.//Idempotent
__global__ void vectorSet(A)
idx = bid * bdim + tid
A[idx] = VALUE

0.//Non-idempotent
__global__ void vectorInc(A)
idx = bid * bdim + tid
A[idx] = A[idx] + VALUE

GPU12/Kernel3456
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vectorSet<<<32,16>>>(y)

./

./

3756GPU89/Instance

vectorInc<<<32,64>>>(x)

vectorInc<<<32,64>>>(y)
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... .  ..
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__global__ void vectorAdd(A,B,C)
idx = bid * bdim + tid
A[idx] = B[idx] + C[idx]
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1 GNNLab: A Factored System for Sample-based GNN Training over GPUs. EuroSys 2022
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